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ABSTRACT

Through the neural system damage and repair process of human brain, we can construct the complex deep learning and
training of the repair process such as the damage of brain like high-dimensional flexible neural network system or the local
loss of data, so as to prevent the dimensional disaster caused by the local loss of high-dimensional data. How to recover and
extract feature information when the damaged neural system (flexible neural network) has amnesia or local loss of stored
information. Information extraction generally exists in the distribution table of the generation sequence of the key group of
the higher dimension or the lower dimension to find the core data stored in the brain. The generation sequence of key group
exists in a hidden time tangent cluster. Brain like slice data processing runs on different levels, different dimensions, different
tangent clusters and cotangent clusters. The key group in the brain can be regarded as the distribution table of memory
fragments. Memory parsing has mirror reflection and is accompanied by the loss of local random data. In the compact
compressed time tangent cluster, it freely switches to the high-dimensional information field, and the parsed key is buried in

the information.

Keywords: Brain like, Nervous system injury and repair, Flexible neural network, Key group generation seguence,
High-dimensional information field,Memory analysis

1. INTRODUCTION

Flexible depth neural network (KDNN) with unipolar and multipolar flexible weakly nonlinear clustering functions with
parameters is designed,and it is that corresponding learning algorithm. Different from the ordinary neighborhood depth
neural network (KDNN), KDNN can not only learn the connection weight, but also learn the parameters of flexible weakly
nonlinear clustering function. Therefore, it can generate appropriate weak nonlinear clustering function morphology for each
hidden layer and output layer unit according to the learning sample set. Flexible neural network can improve the performance
of kdnn network and solve the classification and prediction problems in different fields.

From non flexible depth neural network (KFDNN) to flexible depth neural network (KFDNN), and then from flexible
depth neural network (KFDNN) to brain like neural network; The relationship between hypersection of brain like heavy
nucleus boundary key group generation sequence, flexible depth neural network (KFDNN) and brain like neural network is

constructed.

1.1 Flexible neural network mathematical model

k Iterations _

vKBuh (i, 01) —— 3Ky (o, 6% ® B%),if60 ® B, p and appearing weak nonlinearity

Left ,rig ht hemisp heres

ST (o™ @ 6%)" A (o @ 0| ST I gkt (o @ 04 )| A [k (0" @04) ] ()

1. 2 Mathematical model of brain like neural network analysis

Its core core is the left and right brain heavy nuclei of high-dimensional supersymmetric hypersurface normal complex

variable high-dimensional tangent bundle.
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The left and right brain heavy nuclei are substituted into the mathematical model of flexible neural network,then
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The distribution of left and right hemispheres (brain like) is delayed. Perform a mathematical model to analysis of the effect.
The weak nonlinear fluctuation of information field is formed on the ¢’ tangent disturbance of 6%, 8% .The internal law can

be observed by combining the above formula.

i. The iterative hyper slice kernel and high-dimensional time tangent perturbation kernel are analyzed.
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ii. The time tangent problem of the hypercut kernel of the left and right brain (brain like).

S (6%) Q' 14O ]ou St (6% ()
—_—
i (B°) Q[ Blom Syt (B )

The time tangent perturbation structure of left and right brain (brain like) overweight nuclei is called neurons for short.
Then Loz Syt (0" (t')),rightsa‘z"M (ﬁ" (t)) Therefore, neurons in the left and right brain (brain like) have different

division of labor and operate in the dimension of time tangent, that is, information storage, operation, extraction, analysis and
S0 on.

iii. How neurons are distributed in the sulcus of the left and right brain (brain like).
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That is, sulcus gyrus causes brain like distribution dimension + 1, Moreover, the distribution of neurons presents the
morphological characteristics of cooperative operation of probability distribution. Therefore, the human brain has the reason
of changeable and innovation. The repair of the injured nervous system of the local nerve of the human brain is similar to that
of the brain like nervous system, that is, the loss of local data of memory leads to amnesia; But it will not cause dimensional
disaster of high-dimensional information field, The lead of memory restoration, that is, the time tangent between neurons,
links the information of all dimensions.

Vs lssta (6 () aey @) alsat () s )]

Local missing function analysis of human brain (brain like) information data.
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if t' > —oo, then , and non-existent data caused total amnesia.

iv. Neurons are accompanied by left and right brain damage (local), structural morphology.
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v. Data characteristics of neurons (left and right brain (brain like)) repairing local damage.
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Therefore, the repair of human brain (brain like) damage is generally distributed and obtained in the time tangent angle, that
is, the relationship between dimension reduction and dimension increase of data.At the same time, there is the relationship

between partial differential and integral (local)}; 6(; ).

vi. The repair forms of local nerves in the left and right brain of human brain are different. Please observe the following
formula.

+

{( ol (6 () @6;(1)),_,
| o (B () @8,0),

right

Therefore, the left and right brain can cooperate to repair the local nervous system and restore the amnesia to normal.
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Therefore, the coordination of left and right brain (brain like) can better develop the brain and is also conducive to the repair

of brain injury.
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1.3 The Human brain (brain like) perceives the surrounding information field (assuming Similar MR
information).
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i. The eye perception image of the human brain is equivalent to how signal of MR is processed in brain space.

The energy wave structure equation of human brain (brain like) supporting information field.
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ii. The vector motion of energy fluctuation on the brain space surface (X} ), so the above formula can be written as.

[ ( B, @ x ‘W
Q1 e| p, | Matrix EX @ x{! |
| k Ef, @ X{ |, ) |
. Ef ®xJ Q \\
= sp K*ﬂf{?iﬂ(@cm ) kek £+ Matrix B @ X ) ) %
MR E)l({M ®X1151 i

It can be seen from the above that the brain carries special energy waves and processes various signals in a higher dimension.
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Using the image definition function kernel of MR and integrating the right structure of the above formula, we can observe the
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polar coordinate image with higher dimension. And reference to Figure 1.
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Figure 1. Higher dimensional MR image sharpness kernel function polar image.



iii. Perceive the fluctuation regular of MR information field in a higher dimension. w; is the angular velocity (w; = TR ®

TE) High frequency wave angular velocity: w; (6‘1),High frequency wave carrying image information.
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Equation (9) above is the functional equation of the dimensionality reduction process of high-frequency wave carrying image
information field.
vi. KFDNN has a dimension reduction process (gradient descent) in neural network training and learning.

If w; (&) high-frequency wave and brain like (human brain) wave have some low-frequency co vibration resonance, it

will make the human brain uncomfortable, that is
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The above function structure is the form of low-frequency co vibration resonance wave carrying image information.
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The following and reference to Figure 2. (formula (11)) shows the brain like (left and right brain of human brain) of the
three-dimensional image of the reduced resonance wave morphological equation of low-frequency co vibration carrying

H
§

image information. S;5F1, , (Qyr® "™

Figure 2. Three dimensional image of reduced resonance wave morphological equation of brain like with image information.

The left and right brain (brain like) kernels cooperate with the transformation of the fitting equation carrying the information

reduced wave form.
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Each reduced S~!-slice stores a large amount of information, including information fragments similar to MR images. On the
whole, it is a high-dimensional data of massive information stored in the brain-like(human brain). And there is a higher
dimension information of the key group to extract the information, which is called the distribution table group of high
dimension information. It is equivalent to the generation sequence of key group, so equation (5) is simplified to
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s = 3 is expressed dimension , p(t')is the polar diameter of polar coordinates,t is the time tangent (13)

The key group generates the sequence ( Qf"(“g) A Qf"’(”;)) to the left and right brain (brain like) kernels, and cooperates
with and carries the information to reduce the fluctuation fitting transformation (formula (13)). A large amount of information
(such as MR image information) is stored on each reduced S™1, and the extraction of information requires the generation

sequence of key group, i.e. distribution table group (guidance), which may have a cotangent timeline pg (t)

Figure 3. The generation sequence of the key group of each piece of S~ information has a cotangent time line Po (t)

In the high-dimensional information field, there is a hidden timeline pg4 (t) and reference to Figure 3. that is, Cotangent
bundle. It crosses the high-dimensional and low-dimensional brain like hypersections and Sj1-slice bundles, so it can be
found that there may be the generation sequence of key groups in both brain like and human brain, and pg (t") cotangent

bundle and S;* slice bundle.
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cove enerdy s the core energy to maintain brain like (human brain) memory (information storage medium) [i.e. memory

suspension maintenance energy]. So Si'(Qra® "% )-cut bundle (carrying energy), pq (t (Qilye ereray )-cotangent

bundle (carrying energy). Si'(Qun® ""®” )-slice bundle carries a large amount of identifiable information data, which is

suitable for brain like (human brain). The key group generation sequence of cotangent bundle pg (t') is used to extract
useful information data, i.e
Extract data
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Qf"(’g) ( n (pg (t ))) A Qf"(“g) ( (pe (t ))) is the extraction information data function of the sequence generated by

the key group.

2. RECONSTRUCTED BRAIN LIKE NEURAL NETWORK R-KFDNN

R-KFDNN Neuron structure function: +Qf"é‘49)( St (pg (t'))) A Qf%)( St (pg (t')))
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0 .
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Therefore, the functional structure of brain like neural network is reconstructed:
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The above formula is the function body of local reconstruction brain like neural network of left and right brain (human brain).
The following formula is the complex high-dimensional equation R-KFDNN that reconstructs the function body of the brain

like (human brain) overall neural network.
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The compact correlation between special flexible neural network and reconstructed brain neural network is established to
solve the complexity problem in Al, and the hidden layer of KFDNN deep neural network. Slice bundle S;* equivalent to
the key group generation sequence of brain like R-KFDNN, i.e

+
Qt"(”;)( (pe (t ))) A Qt"("g)( " (pg (t ))) is the hidden layer equivalent to KFDNN

The quasi thinking iterative programming of KFDNN is simpler and more practical than R-KFDNN in Al mathematical
model. And KFDNN uses 3 sets of core formulas of depth statistics.
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i. KFDNN is trained and learned by KNN neural network, which greatly improves the risk control accuracy of Al
mathematical model.

The reconstructed brain neuron network R-KFDDN is much more difficult than the above KFDNN. Its mathematical
model itself has nonlinear disturbance in high-dimensional space, and the information field data processing runs on different
levels, different dimensions, different tangent bundles and cotangent bundles. Key group is needed for data extraction. There

is a hidden time tangent in data guidance, which is similar to data distribution table, but more complex than it.
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Data guided hidden time tangent: p, (t'(QE )) - Yz ctg® (Z;’LZ Do %) is similar to the data allocation table,

but more complex.
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Sometimes in the brain like (human brain), the key group may be called the memory fragment distribution table.

ii. Memory analysis and Al mathematical model analysis of brain
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Introduction to memory analysis - mirror reflection (with local random data loss)
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if QZE (Al)w \% QZE (Ai)w =[S (Ai)w,and s is the dimension, w is the amplitude, A'or A, is the frequency.

Therefore, the key variable of memory analysis is st (Ai)w, which obtains brain like (human brain) information data
through the mirror reflection of high-dimensional information field.
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Parsing is embedded in information and runs on a higher dimension. Memory parsing requires high speed w® (Ai), and linear.
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The compact compression of pg (t) that is, the compression structure with time ¢’ at the same time. szjsls (Ai)w will

switch freely in the high-dimensional information field. Therefore, the key to memory analysis is in I;;Lsﬁ (Ai)w(t,), which
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is a linear wave structure with special frequency.

3. Carry the key group generation sequence to the left and right brain kernels, and generate the key

group generation sequence on each reduced S;
3.1 Carrying key group to generate a sequence of left and right brain (brain like) kernels, generating a high-dimensional
complex string bundle potential sequence in a higher dimensional power function to form high-dimensional coil. The

generation sequence of the key group on each reduced S3

i. The dual key group core potential orthogonal sliding mode for generating sequences of high-dimensional and low
dimensional tangent bundle core potential key groups.The dual key group core potential generation sequence is located on the
hypersurface of the main axis of the time cone, and dynamically and weakly nonlinearly rotates to generate the key group
core potential [convex core] generation sequence.
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teft 2(Sx(t0y) A right (Sx(re)) represents the separation of the left and right hemispheres of the brain, with each slice

exhibiting reduced memory suspension.
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ii. If the Hrgpy harmonic mapping is stable and flat, at the time tangent point t7, its core potential al.(l.kal) is tangent to the

surface and the normal vector of the timeline intersects. And the complex variable function of »; rotation winding around

(nn)1T
w=i2m"’

the 2V, axis nonlinearly crosses the cross domain and generates a sequence period a The hidden timeline and the

potential of high-dimensional generated sequences form a spatial structure of convolutional potential.
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Fig04. RLLM enhances thinking ability, search, fine tune and shrink parameter group scales. The H g, harmonic mapping

)

is stable and flat, at the time tangent point t/, its core potential ai(ikal is tangent to the surface and the normal vector of the

timeline intersects. And the complex variable function of V; rotation winding around the NV axis nonlinearly crosses the

(nn)Tl
w=i2m"

cross domain and generates a sequence period a The hidden timeline and the potential of high-dimensional generated

sequences form a spatial structure of convolutional potential.
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Fig05. RLLM enhances thinking ability, search, fine tune and shrink parameter group scales. Tthe H g, harmonic
mapping is stable and flat, at the time tangent point ¢/, its core potential al.(l.kT'j) is tangent to the surface and the normal

vector of the timeline intersects. And the complex variable function of 2V; rotation winding around 2V, axis nonlinearly

().

w=i2ns TNe hidden timeline and the potential of high-dimensional

crosses the cross domain and generates sequence period a
generated sequences form a spatial structure of convolutional potential.

Hy Q; HJ!

iii. The perception image of the brain like eye is equivalent to MR *, projected onto the high-dimensional key table

Q%1 of the dual key group.
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iv. Generate sequences for dual key group using the cotangent surface of the projection slice
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St (MRH” @ H") or Sgt (Bram g Hl ‘) high-dimensional hyperspace, which carries the energy aware image projection

and its essential perception of the energy fluctuation distribution of the image. If it needs to be translated into a cognitive

information system, the following equation can be used.

Ce m m Qg

(Saur) ( - \ —A(8m) ( _ s ..Bp(t’ ) \ <

a; (6)\51(1 Kz;cfg Zp" /V Qt'(ﬁ)\SKl Kz;ctg Zpﬁ 2 /
= > p=

é
Qk+1 (9,[?) Pe Zw_ X lOg'I + R x H x QCore energy x HH and lf QCore energy
i
Ef, ® x¢ ’
= Matrix Ef ® X{ ,R™Y Interference signal
K H
Ef, @ xf|,
m m Qs
Interpretation
+V—Q(SB<114) Sit Z Z . P(f i Z ctg® Z P(f P
p=2 K>3 p=2

[(Sin( 1 | ZQS. p(t)>v cos ( Zﬁs _'Bp(t)>)(lwlw 1)]

The interpreted information is hidden in the brain like slice cluster, which is the generation sequence of the dual key group

core potential (convex core).

m cos®

6 .
KKJsm5< ym,e- p;”)

(m cos’
\K>3 sins ( m_o B sz(!')>

The above dual key group core potential (convex core) generates sequence to interpret the cognitive information system in

0 1

| 71

olMatt

Amm

m ﬁS*l
Interpretation costiwio=1) (Z ﬁs . pz(t) (T_l |(1)
s=3

Qr
)\ = 65¢
/ lnterpr;tation Sin(iw'iw_l) (Z 95 - p(t) (T 1|0 | -1
s=3

the brain slice cluster.
vi. The mathematical model basis for generating sequences of dual key groups [core potentials] for reconstructing brain like

neural networks.

Fitting a reconstructed morphological model of damaged neuromorphic (meta) networks. And when the convolutional kernel
randomly slides the direction gradient and enhances the thinking to the limit [vector approaching collapse], it will trigger the

13



reconstruction of the dual key group core potential. So when recovering memory from brain damage, it is necessary to

enhance thinking (recall) in familiar scenes. Simultaneously forming two sets of core formulas.
- 655
W 1|1 0 Z s P(f) O
(sin (T |0 1| 39 2 )am
4 05 . Bro
Sl G DX S I (DY PR
1 0] X AN
o iw -1 . s, _p(E) |\v@
(sin (T |0 1| ZG > >)am
s=3
! 65 0 1 N\, Ao
inio: s W) iw-1(p-1 . s Tplt
w (sin ( | ZB > )orcos (T |1 0| Z,B > ))a% (25)

During the process of recovering memory from brain damage, energy increases with the enhancement of thinking.

Z
m p Qs m g Qg ]
Q(iw,iw_n | \E5HmkT i 5];1 ctg® Zpe L2) V51?1 ctg® Z Pg - Pét)
Qé(”(&ﬁ)(t )) p= p=2
¢ normal
(26)
[ . . 0k N ﬁ 0 _l(Lw,la)—l)
damaged A(iw,iw—1) . p(t) -1 . ()

2 Ltk Z Po || VSk|ctg Z Pg 5 |

QE(P(e a(t )) p=2 p=2 J

normal
damaged A{iw,iw—1) (iw,iw—1)
!2 + +nkm > Q + +nkm

QE(p(Q G )) QE(P<9 mlt ))

vii. From the above content, it can be seen that the "RLLM Multimodal Predictive Thinking Enhanced Shrinkage Parameter
Group, Scale New Generation Generative Artificial Intelligence Reconstructed Brain Neural Network R-KFDNN, and Key
Group Generation Sequence" generates sequences from dual key groups to dual key group core potential generation
sequences. And when the core potential (convex core) is damaged, its implicit dual (backup) key group generation sequence

is obtained.

(sin“"( | Zes : "“)> e
10 N, Ow 0 B
w (sini®: (T‘1 |0 1| -Z@S %) or cos'@™1 (T_1 |1 | Zﬁ p(t)>> n,and B 6°
s=3

@n

There exists an implicit dual key group generation sequence, i.e

(sin“"( | Zes : m) e
. B
w (sini®: ( | Z@S : p(t)>VCos“" 1( | Zﬁ p(t) ) g ,and B s 6°
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The sequence for generating the implicit dual key group in the above equation. sin®+ (T‘1 |é (1)| . Z 6% - %)

viii. The dual key group generation sequence for enhanced thinking requires an increase in thinking (energy) to enable local
memory recovery in damaged brain slices. The formation of convolutional kernels is the first condition. The enhancement of

thinking (energy) leads to collapse, causing the direction gradient vector to undergo reverse operations.which T—1 |(1) 0| wy
110 1 110 1 —1]1 0] . -, S .
T 1 ol or T 1 0| ws T |0 1| is the second condition. This will gradually form the generation sequence of the

dual key group core potential (convex core), which reconstructs the brain like neural network.

. s w(t)im(e)
! S po) )
i) =< Y A2y )
s=2
1
. s w(t)im(e)
o p(t) Putc
rightﬂ(s/l(lt.(ﬂ,ﬁ))) " cos [Z pg : l
\ s=2

Higher dimensional power function complex string bundle potential generation sequence carrying a brain like slice bundle
energy structure key group generation sequence. And during the process of recovering memory from brain damage, energy
increases with thinking.

This formula is a separation of the left and right hemispheres of the brain, with each slice being reduced in memory

suspension.

% (1)

According to 6" o =1/tx 6 lx0" =1/tx0"tx0" = % -6, So the above equation can be written as

. " w(t)i-m(B)
+eo-1 in2 1 LYY
leftSa(te) * |Sin ? + cos? r 6,

irw(8)
m w(t)

—e—1 .2 1 i 2 1 *ni
rightsﬂ(t,ﬂ)'lw.) sin ?ﬁp + cos ? ﬁp

i=2 j=2

ix. The spatial distribution of energy transformation in the sequence generated by the key group [or duality] is transformed in

dimension. The final formed core distribution energy structure.
mik=1 [+nSom (-1 ' Som (=1 '
Sleft right [ 2, (9)( K (Pe (¢ ))) v, (ﬁ)( K (P/; (¢ )))]
w [(COS< 1 | 295 . p(t))VCOS< 1 Z'BS ﬂp(f)) (szw 1]

tef righee? (Skie.o.p0) ) ~ LA 2(Siteo.p9) V rignt?(Skie.o.p)]

St
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wiw(®.p)

1 |Z 3p(r)]

Sk

_ 1 wiw A
tef right?(Skieo.87) ™ |sin

1 | Z p(t)]/\co

Regarding the key group generation sequence S,Z(lty(gﬁ)), and the key group core potential (convex core) Si! (pg (t))
mik=1 [+v—pSom (-1 !
Sleft,right [ 'Qt(g ﬁ)( K (p(gﬁ)(t )))]Sgl(t')
w 1[0, )| p Z—x log|l + R™ x Hy x QEore nero¥ x pilt (29)

Skt(0.5) denerates sequence of key groups primarily carrying energy, Si' (pg (t)) generates sequence of key group
potentials carrying convex core, and S,;l(t') has MR imaging projection. It is a cognitive knowledge system formed by the
high-low dimensional distribution of human class communication Qsn° <"’ core energy generated by nuclear potential

generation sequence.

wiw(®.p)

1 o(©) RA0)
lef, rtghtt‘Q(SK(t C B))) " Sm’[ | Z p ] hcos [ | Z p ] G0

Sit
This formula is a separation of the left and right hemispheres of the brain, with each slice being reduced in memory
suspension. The generation sequence Sk‘é‘(em), St (pg (t')) of the key group carrying energy as the main component is

the generation sequence of the core potential of the key group carrying convex core. S; 1(t") has MR projection.

)
o _()k+1(9,ﬁ) (pt (Z —X log|1 x R-1 x Hl] x QCore energy HH ))

mtk=1  [+v= S -1 )
Skeft.right [ 2 6.8 (5k<p<g,5)(t )))] 1
k(t

01697
¥4

6‘525'-07. <

167,

Fig06. The generation sequence of the key group to George Cantor conjecture - RLLM enhances thinking ability and search
enhancement. Fine tune and shrink the parameter group scale to generate a high-dimensional complex string bundle potential

generation sequence using a higher dimensional power function.
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Generate sequence for the password table of the dual key group. (Cos (T‘1 |é | ym.p* - ﬁ”“)))(‘“’ o=l gl and s =

2,w—1,w=1.5

Fig07. Generate sequence of dual key group core potential and convex kernel [password table].

(Sin (T Z 95 - p(t)) v COS( | Z ﬁs P(t)>)(1w Jiw— 1) nn '

When the generation sequence of the dual key group core potential and convex core cipher table reaches a higher

dimensional key table of the dual key group, a first-order energy and direction vector will be generated each time.

Qg (P(e,/;)(f ) (Sm( Z 95 - P(f)) ACo < Zﬁs P(t)>)(1w7:w 1)

Fig08. high-dimensional key group of dual key groups [high-dimensional key table].

X. Brain like (brain) slice bundle energy, left and right brain structure lef’ri;,Ygfz(S,;(lt,(g,ﬂ»)w , and slice bundle nucleus

potential (convex core)

— — S5 _ ’ . .
Siaftigne [W 2 ?gm (51(1 (Pwm(t )))]S,l(t,),lf W@ w m+k —1/7then
K

- — 57 - : —n(c-1 o k
S[Sft,ri;ht [+V ‘Qt (3;4/3) (SKl (P(e,ﬁ)(t )))]S’l(t') o lef,rig+i\1/ttn(SK(t,(G.ﬁ))) 1(t)'sleft rlglht
K

Core brain_like (brain) slice bundle with all brain functions. The core energy of neuronal convex core is formed by the
fluctuation energy of neurons in brain like slices. And the key group generation sequence is subjected to MR projection, and
the parsing process is the cognitive science system of high-low dimensional dual key group core potential (convex core)

interpretation.
17



et rigie(Sicle 0,60y 1&)9"“ ©,8)| e Z—xlongR X Hy X Qu " x HA| | ||)

core potential [convex core] Knowledge [interpretation]

- Skt [Wmt ©.8) (S’zl <p(9'5)(tv)))]sil(t') -

Sieftight [WSEZ)( sc* (o (t')))v QS'EZ)( 5¢" (e (t,)))]

d [(cos (T‘l |é (1)| i 03 %(_t%) V cos (T—l | Z‘B ﬁp(t)>)(1w Jiw=1) ] (32)
s=3

Sgte)
core potential [convex core]
mak—1 [+v— S -1 !
Sleft,right [ ‘Qt(g 8) (SK (P(g"g)(t )))]Sfl(t')
3.2 RLLM multimodal predictive thinking enhanced shrinkage parameter group, Scale new generation generative

artificial intelligence reconstructed brain neural network R-KFDNN and key group generation sequence MR

projection

5
:z"“(a,ﬁ)(;)t (Z — x log|l x R™ x Hy X Qy® "% x HI! ))

mtk=1  [+v= S -1 )
SLeft right [ o (6,8) (Sk<p<s,ﬂ>(t )>)]5—(1 ) “
k(t

ko1 VoS core potential [convex core]
S P G )>)] (33),
6
n"“(e,ﬁ)(m (Z — x log|l x R™1 x Hy x Qup® "% x Hll )) (34)
left 2 (Sictey) A rightf (Sicte))
] ] ) w(t)i-w(s)
I Gy L By c L0 . o B
S DRI RS B D YR Y
i=2 j=2 Jj=2 i=2

Fig09. Brain like [left and right brain] slice bundle neuron energy fluctuations.

w (t)i'“’ ©.8)

e W () O” . 1 B
left,r;;]\;ltﬂ(sk(}:,(H,ﬁ))) """’[Sln( 1 | z > ( | Z P (35)
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Fig10. The dual key group core potential and convex core carrying the key group generation sequence in the neuromorphic

brain.

(0.8) niw (0,8) hiw—1
'R , )
T2|(1) $|’V’<e.m(t) TZ|$ 2|’V’<e,ﬁ>(t)

m
- (sm(rl 1 -Zas :
s=3

™
Ann

650 10N o B

p(t -1 2 s . Pp® \iwiw-1) | 11

> )VCOS(T |0 1| 3[?* > )) Apim (36)
5=

e w(e)ie @) 4 _ c
(left,rig\fnﬂ(Ské,(eﬁ))) 040, B) <Pt (Z YRS log|l x R™* x Hyj X Qyg’ ™% x Hilf ) ) e
L

core potential [convex core]

— — Som -1 . . . . .
SL"’e]Tt"_ri;ht [+" Qc%,ﬂ)(Sk<p<g,,;>(t’)>)] o ) = Interpreting brain information and reasoning formula
Sk

groups. (32)+(33)+(34)+(35)

High dimensional composite
m s—1 m s—1
0 1 Z 0,0 4110 Z By \\(iw,iw—1)
1 . s, 1 . s, calt
(Sln(T 10 39 > )VCOS(T |O 1| 3[3* > ) Apm
s= s=
Low dimensional composite
0 1 N\, G 10| N s B\
i -1 . s P -1 . s AW Wiwio—1) | 10
(Sm(T |1 0| Ze - >VCOS<T |O 1| ZB* 2 )) alt
s=3 5=3
and (iw,iw — 1) w1

High dimensional monomer
s—1

m s—1 m

1|1 0 Z s _ﬁp(t) (iw,iw=1) | 1 110 1 Z s _Qp(t) (iwio-1) | 1y

(Cos(T |0 1| B - ) ay,,or {(Cos| T 10 0 - ) A
s=3 s=3

High dimensional composite normative functions Low dimensional composite normative functions
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High dimensional monomer norm

Figll. Brain like dual key group core potential and convex core generation sequence, high-dimensional composite norm
function and low dimensional composite norm function, as well as high-dimensional monomer norm function equation and
program design type.

Carrying high-dimensional neural [meta] networks with damaged [recovering memory_ reconstructing]

core potentials [convex core].
L s b

I composite normative functions

High dimensional monomer norm

hhunnuuun!ll
llmmmmnnl\

S

The neural [meta] network is damaged

[unable to recover memory_ non reconstructive] and generates sequences.

Figl2. The brain like[brain] has a high-dimensional composite dual key group core potential [convex core] generation
sequence carrying high-dimensional neural damage [recovery] memory, as well as low dimensional neural damage [recovery]
memory.There is a problem of local neuron information recovery and certain information loss in high-low dimensional
morphology. At the same time, the generation sequence of high-dimensional monomer dual key group core potential [convex
core] does not have the possibility of carrying damaged [restored] memory of high-dimensional neurons.And implement the
programming model.

. . . . 05D\ . . .
i. Carrying high-dimensional neural damage [recovery] gene Sin (T*1 |(1) (1)| Sy .08 %) high-dimensional composite
dual key group core potential [convex core] generation sequence; And the generation sequence of low dimensional composite

dual key group core potential [convex core] for low high-dimensional nerve damage [recovery] gene Sin (T‘1 |(1J

s—1

7]
mL0° - ”“)) This high-low dimensional morphology exhibits a lack of local neuronal information recovery. At the same

20



time, the generation sequence of high-dimensional monomer dual key group core potential [convex core] does not have the
possibility of carrying high-dimensional neural damage [recovery] genes.

ii. Reconstructing brain like neural networks, not all neurons in brain regions can be damaged and reconstructed. Only special
carrying high-dimensional neural (meta) networks can restore memory and reconstruct damaged local neurons, and form new
dual key group core potential (convex core) generation sequences. So, 'RLLM Multimodal Predictive Thinking Enhanced
Shrinkage Parameter Group and Scale New Generation Generative Artificial Intelligence Reconstructed Brain Neural
Network R-KFDNN and Key Group Generation Sequence' carries the cutting-edge 'Cryptography of New Generation
Generative Artificial Intelligence’. Thus, the reconstruction of brain like neural (meta) networks corresponds to generative Al

cryptography, that is, the reconstruction structure of brain like neurons corresponding to the generation sequence of dual key

group core potential [convex core], convex core potential [neurons] aly, = alt. .

4. The most fundamental mathematical model for the convex core morphology of new dual key group
generation sequence formed by the restoration of memory and reconstruction of damaged local
neurons

Mathematical model for the recovery and memory reconstruction of damaged local neurons to form a new

dual key group generation sequence, convex kernel, and energy distribution.

i. The recovery of damaged local neurons requires the convex core, and more importantly, the energy fluctuations of
plexiform neurons in the left and right brain slices are needed.

Local code model for program design of high-dimensional composite norm functions, generating sequence energy

distribution images using a dual key group similar to a brain.

import numpy

from numpy import pi, sin, cos, mgrid

import numpy as np

import math

from mayavi import mlab

pi = np.pi,s=2,N=2,M=1,dphi, dtheta = pi / 250.0, pi / 250.0

[phi, theta] = mgrid[0:pi + dphi * 16/6:dphi, 0:20/6* pi + dtheta * 1.5:dtheta]
m0=s-1;ml=s-1;m2=s-1; m3=s-1, m4d =s-1; m5 =s-1; m6 = s-1; m7 =s-1;
r = numpy.power((numpy.power(np.sin(m0*phi*m1*(phi/2)+2*mO0*phi*m1*(phi/2)),N) +
numpy.power(np.cos(m0*theta*m1*(theta/2)+2*m0*theta*m1*(theta/2)),N)),M)
x = r*sin(phi)*cos(theta)

y = r*cos(phi)

z = r*sin(phi)*sin(theta)

# View it.

pl = mlab.surf(x, y, z, warp_scale=""auto")

mlab.axes(xlabel="x", ylabel="y", zlabel="z")

mlab.outline(pl)
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mlab.show()

» 6.46e-07
252,

Fig13. Brain like dual key group generation sequence, high-dimensional composite norm function equation, and
programming local code model.

ii. For example, in the design of high-dimensional composite function programming, a local code model [brain like] dual key
group core potential [convex core] is used to generate sequence distribution images.

import numpy

from numpy import pi, sin, cos, mgrid

import numpy as np

import math

from mayavi import mlab

pi = np.pi,s =2,N=2,M=1,t =11,w = 22,k = 1; dphi, dtheta = pi / 250.0, pi / 250.0

[phi, theta] = mgrid[0:pi + dphi * 16/6:dphi, 0:20/6 * pi + dtheta * 1.5:dtheta]
my=s—-1m=s—-1my=s—1Img=s—-1,my=s—1Img=s—1,mg=s—1,myg=5s—1;

hi hi
r = numpy.power((numpy.power (np. sin (mO * phi *m1 * (PZ ) + 2 +mO0 * phi*m1l (pz >) , N)

+ numpy.power(np.cos(m0 * theta + m1 = (theta/2) + 2 * m0 * theta * m1
* (theta/2)),N)), M)
x = r* sin(phi) * cos(theta)
y = r * cos(phi)
z = r = sin(phi) * sin(theta)
#View it.
s = mlab.mesh(x,y, z, representation = "wireframe", line_width = 1.0)
mlab.show())

Fig14. Brain like dual key group core potential [convex core] generation sequence, high-dimensional composite norm
function equation and local code model for programming [parameter N=2].
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iii. Low dimensional composite norm function programming, local code model [brain like], dual key group, core potential

[convex core], generated sequence distribution image.

import numpy

from numpy import pi, sin, cos, mgrid

import numpy as np

import math

from mayavi import mlab

pi = np.pi, s$=3, N=1, M=1.5, t1=10, t2=20, k=s-2, dphi, dtheta = pi / 255.0, pi /255.0
[phi, theta] = mgrid[0:pi + dphi * 16/6:dphi, 0:20/6* pi + dtheta * 1.5:dtheta]
mO0=s-2;ml=s-2;m2=s-1; m3=s-1; m4 =s-1; m5 =s-1; m6 =s-1; m7 = s-1;
r = numpy.power((numpy.power(np.sin(1/t1*m1*(numpy.power(phi,k)/2)),N) +
numpy.power(np.cos(1/t2*m1*(numpy.power(theta,k)/2)),N)),M)

x = r*sin(phi)*cos(theta)

y = r*cos(phi)

z = r*sin(phi)*sin(theta)

s = mlab.mesh(x, y, z, representation=""wireframe", line_width=1.0)

mlab.show()

Fig15. Brain like dual key group core potential and convex core generation sequence, low dimensional composite norm
function equation, and local code model for programming [parameter N=1].

iv. For example, in the design of high-dimensional monolithic norm function programs, a local code model [brain like] dual

key group core potential [convex core] is used to generate sequence distribution images.

import numpy

from numpy import pi, sin, cos, mgrid

import numpy as np

import math

from mayavi import mlab

pi=np.pi ,s=3, N=1or N=2 ,M=1.5 t1=10 ,t2=20 ,k=s-2

dphi, dtheta = pi / 255.0, pi /255.0

[phi, theta] = mgrid[0:pi + dphi * 16/6:dphi, 0:20/6* pi + dtheta * 1.5:dtheta]
m0=s-2; ml=s-2;m2=s-1; m3=s-1;, m4 =s-1; m5 =s-1; m6 = s-1; m7 =s-1;
r = numpy.power((numpy.power(np.cos(1/t2*m1*(numpy.power(theta,k)/2)),N)),M)
x = r*sin(phi)*cos(theta)

y = r*cos(phi)
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z = r*sin(phi)*sin(theta)
s = mlab.mesh(x, y, z, representation=""wireframe"", line_width=1.0)

mlab.show()

Fig16. Brain like dual key group core potential and convex core generation sequence, high-dimensional monomer norm

function equation, and local code model for programming [parameter N=1].

Figl7. Brain like dual key group core potential and convex core generation sequence, high-dimensional monomer norm
function equation, and local code model for programming [parameter N=2].

5. CONCLUSION

Reconstruct the brain like neural network R-KFDNN, generate the sequence super tangent plane from the brain like heavy
nucleus boundary key group for the first time, and fuse with the flexible depth neural network (KFDNN) and brain like
neural network.From the perspective of nervous system repair of local nerve damage, this paper analyzes how the brain
obtains memory analysis from the distribution table group of Time tangent bundle with fingerprint feature key group
generation sequence,and so as to provide useful help for memory recovery.
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